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The insights in this interview 

are assembled from 

REAL-LIFE SCENARIOS  

and 

 HARD-WON EXPERIENCE.

The CAO in this interview,  

however,  does not actually exist.

Except maybe...  

HE DOES.

Can you  

IMAGINE 

what he might do for  

YOUR ORGANIZATION?
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The first time I ever met a Chief Analytics Officer, I was lingering in the lobby of a San Francisco highrise, killing time. An array of LED screens 
perched overhead displayed rolling stock tickers and muted broadcasts of CNBC. People rushed through security turnstiles going to and from 
lunch. I was early for my appointment with a client who had recently been promoted to Vice President of IT, a step away from the C-suite. I was 
eager to catch up on all his news.

I heard my name and I turned to find my client, Pete, bounding toward me with a wide grin and his hand extended in greeting. Pete was accom-
panied by Leslie, who’d been Pete’s rival in getting the CAO position. I shook Leslie’s hand, too.

“Jill, you remember Leslie,” said Pete.

“I do! I do!” I said, a bit surprised. Leslie had been a senior director in the risk organization during the time my team had consulted there. She 
and Pete often sparred over the data used in financial and fraud reports. It was clear that Leslie hadn’t simply ridden down in the elevator with 
Pete. She’d be joining us for lunch.

“Leslie and I are now partners,” Pete announced brightly. Clearly there were no hard feelings. “She’s the firm’s new Chief Analytics Officer.”

I stifled a giggle. Chief Analytics Officer. It sounded so contrived, as if the firm had given Leslie a ribbon even though she’d lost the VP competition. But wait. Chief anything 
trumps VP. What had I missed?

I’d missed the fact that analytics had become so strategic at the financial services firm that the CEO had appointed someone to lead the effort on an enterprise scale. Someone 
who had helped shape business objectives. Someone who could monetize analytics and define the investment strategy. Someone who understood corporate priorities and 
could ensure that analytics supported them. Someone with a solid read on usage needs and behaviors. That someone was now Leslie.

As the three of us nibbled our panini sandwiches, Pete and Leslie explained how they were collaborating on an analytics strategy, how they were engaging individual business 
units, and how they were establishing user segments based on usage behaviors and data needs. Pete was handling the software solutions, platforms and vendor relationships. 
Leslie was overseeing the company’s analytics portfolio, enriching data management functions, building a training plan and ultimately being accountable for revenue growth 
and cost savings results.

And there were results. The firm’s competitors had reacted by appointing their own CAOs, hiring data scientists, beefing up their analytics infrastructures and creating discrete 
organizations. And so were retailers. And health care providers. And government institutions.

Which brings us to this e-book, in which a fictionalized businessman describes his path to becoming CAO. In this interview, adapted from conversations with analytics executives 
across industries, we show how a state government executive took on the CAO role and made it his own. You’ll read about his challenges, his assumptions, his missteps and his 
breakthroughs. His journey proves that the path to CAO is unpredictable but rewarding. It’s the journey of a newly minted executive. It’s Leslie’s journey. Maybe it’s your journey, 
too.

Jill Dyché 
Editor in Chief  
(aka Vice President, SAS Best Practices)

A Letter from the Chief



Decision Support 
Well, We Got The “Support” 
Part Right. 

KN: So. John, how does a non-statistician be-
come a Chief Analytics Officer? 

JOHN: What a long, strange trip it’s been. I 
don’t think anyone – including me – would 
have predicted my career path based on my 
early resume. After graduating from college I 
was recruited by a major consulting company 
into what was, at the time, known as the “pro-
cess competency.”

Title aside, my first job was on a software 
development team. As it turned out, the For-
tran I wielded as a chemical engineer was of 
little help when developing Oracle reports. 
If not for a brilliant database administrator 
named Julian, my career may have come to a 
premature end. Julian was tasked with teach-
ing me the fundamentals of database design 
and modeling along with SQL. Thankfully he 
was a patient soul and a natural teacher. And 
so it began… 

Nothing like initiation by fire! But at least you 
weren’t alone. Wasn’t BI relatively new for a 
lot of companies?

[Laughs.] True enough. Back then, many of 
our clients were just starting to realize the 
utility of business intelligence, or BI. Which, at 
the time, was just a fancy word for reporting. 
Analytics was the purview of academics and 
folks delving into operations research and 
things like supply chain optimization. 

<< LET’S CALL HIM JOHN.  
He’s a 20-year veteran who has 
experience in all aspects of BI 
and analytic deployment. He 
was recently appointed as his 
state government’s first Chief 
Analytic Officer (CAO). 

Today John shares his experi-
ence and perspective on the 
evolution of BI and analytics 
within the public sector. And 
dishes on his new role. >>



Portrait  of  a CAO  |  A Sas Best  Pract ices e-book

As you might imagine, the reports we were developing were simplistic by today’s 
standards. They were application-centric and operational. Even so, getting a han-
dle on our BI requirements was not a slam dunk. Every report we delivered resulted 
in an avalanche of minor, but time-consuming and often contradictory, requests. 
“Change the summary time period.” “Add a field.” “Take that new field away.” 
“Change the sort order. And the display order.” “Provide a slightly different filter: by 
month. No, by day. No, by region. No, by both.” “Who approved this calculation?” 
“Oh, that’s not what we meant.” And on and on it went. 

The standing joke was that we supported very little decision making beyond decid-
ing what to support first. Which might, in retrospect, wrap up the challenge with BI 
and analytics in a nutshell. 

One For All
The First Enterprise Attempt 

So you are either a glutton for punishment or really did enjoy the experience. What 
came next?

Flash forward a few years and I was a program manager tasked with establishing a 
centralized BI development team and overseeing implementation of a new enter-
prise data warehouse initiative. 

For state government?

Yes. Although I had worked extensively on similar projects in the private sector 
this was my initial foray into the public sector. Which has more in common with 
the private sector than you might expect. The public current just flows a little 
slower.

What did the BI landscape look like at this point?  

The data warehouse aside, our approach to delivering BI applications was still 
largely informed by traditional software development methodologies. And while 
we were applying basic analytic forecasting for budgeting and such, the bulk of 
our work focused on metrics and measurement. Mostly retrospective. For exam-
ple, one of our first major deliverables was an enterprise corporate scorecard to 
support a performance management initiative. 

This was also the era of enterprise platforms. As consultants, we arbitrated many 
a debate over best of breed versus unified platforms. But typically, the latter won 
out. Most organizations, especially those in which BI development was owned by 
IT – which was still the majority – opted for a single enterprise BI platform to serve 
the needs of audiences across the board. 

Were you successful?

No, “successful” is not the word I’d use. We drastically underestimated the 
attachment of individuals to their own tools. And – more importantly – their own 
answers. 

To put it bluntly, adoption was spotty at best. We were amazed that users were 
so adamantly attached to their homegrown solutions. Especially as they were, at 
best, semi-automated Access databases and, at worst, labor-intensive and error-
prone Excel-based spreadsheets.

Looking back, what is your perspective on the resistance? 

We made a number of mistakes. First, we misjudged what it would take to get 
folks to agree on pretty much anything. Be it a tool, a metric or the definition 
of a specific data element. The irony is that everyone agreed there should be a 
standard. But they all wanted it to be theirs. Agreements on so-called enterprise 
standards only lasted as long as the project that created them. Post-facto, folks 
reverted to their own version of whatever truth we were seeking. 

Along the same lines, we didn’t adequately account for different types of users 
and usage patterns. So our plan to deploy a common “standard” platform fell flat 
pretty quickly. 

•  Requirements are in the eye of the 
beholder.

•  Users may legitimately not know 
what they want until they see it. 

• No complaints? No one is using it.

•  Done right, BI/analytics is never 
done.

Lessons That Stuck

6
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And last but not least, we drastically underestimated the need for training and 
change management. It’s not enough to drop off data and reports that folks aren’t 
willing or motivated to adopt. Or one that they don’t understand how to use.

One for One: 
Mine is Better and Yours Won’t Do

Clearly, however, the BI/analytics discussion didn’t end there. 

Very true. Paradoxically, this period represented a turning point in the organiza-
tion’s analytic development. Not to mention my own thinking about what it meant 
to deliver BI and analytics. 

It’s true that the enterprise BI development team became marginalized. On the 
upside, it was clear that different departments and agencies were aware of and 
interested in the topic. We could debate whether that interest resulted from 
forward-looking vision or a finely tuned sense of self-preservation. But there is no 
question the visibility of BI and, to an extent, analytics had been raised. 

And even as the various BI teams circled the wagons around their individual 
reporting solutions, their demand for data continued to increase. 

How did the data warehouse fare in all this? 

As part of this same initiative, we had deployed the data warehouse. Of course, 
as we began integrating data across sources, debates immediately arose about 
what the data was, which data source was right, and whether the data was “right 
enough.” 

Unfortunately, we were not particularly adept at resolving these issues. Or at mak-
ing data available in a timely manner. As a result, we spent more and more time 
on data acquisition – the DW side of the equation – and less and less time on the 
BI front. Even so, demand quickly outstripped supply. 

I call this the “embryonic period” for data management. If nothing else, we clearly 
recognized the need to dedicate time and effort to data as a discrete element, 
rather than an application byproduct. At least within the BI/DW team. 

Data management is a broad term. Where did you focus to start? 

Initially, data architecture and data quality were hot topics. At least around the IT 
campfire. You know you were working in this era if you remember raging Kimball 
versus Inmon debates with fondness. Of course, at this time the data pipeline 
was fundamentally one-way. Data from operational systems was funneled into the 
warehouse and then into associated data marts. There were no automated feed-
back loops. Any real-time reporting was done within the application. 

The Many Faces of BI & ANALYTICS

Strategic, Laser-
Focused and 

Forward Looking.

An Optimizer. 
Focused on 

Performance. 

Inquisitive. 
Interested in the 

Unknown.

Tactical and 
Responsive.

Focused on the 
Task at Hand.

KNOWLEDGE 
WORKER

BUSINESS 
USER

BUSINESS 
ANALYST

BUSINESS 
MANAGER

EXECUTIVE

I AM...

... WHAT SELF-SERVICE MEANS TO ME.

•  Info at a 
Glance

• On Demand

•   At My 
Fingertips

•  Upon 
Request

•  Situation 
at a 
Glance 

•  Up to the 
Minute 

•  Proactive 
Alerts

•  Guided 
Discovery

•   Shared BI/
Analysis

•  Ability to 
Customize

•  Ad Hoc 
Analysis

•  Only What 
I Need 

•  When I 
Need It 

•  Delivered 
to Me

•  No Action 
Required

•  Raw Data 
Access

•  Discovery 
Tools

•  Room to 
Roam
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Ultimately, this period foretold the insatiable appetite for data and information 
which continues to grow exponentially today. 

• First, the data. 

•  Focus on outcome. Not ownership.

•  Self-service is not one-size-fits-all.

•  Self-service is not equal to no  
service.

Which Solutions Do I need?

the SELF-SERVICE Match Game
ANSWERS: 
Executives: D, E, F, H |  Managers: D, E, G, H | Business Analysts: A, C, E, G | Business Users: 
F, G  | Knowledge Workers: A, B, C, D

A. Ad Hoc Query

B.  Advanced Analytics

C. Collaboration

D.  Interactive Visualization

E. Mobile

F.  Operational 
Integration, Real-Time 
Alerts

G. Reporting

H.  Scorecard, Dashboard

When it comes to BI and analytics, one size doesn’t fit all. 
A mature program delivers a range of capabilities to a 
diverse spectrum of users. The definition of self-service 

differs accordingly. Do you know what it takes? 

KNOWLEDGE 
WORKER

EXECUTIVE BUSINESS 
USER

BUSINESS 
ANALYST

MANAGER

fill in your answers above

Lessons That Stuck

That’s Interesting.  
Now What?

At what point did you get involved with analytics versus BI?

While working with various teams to rationalize and prioritize the plethora of BI 
requests we had started to ask the question: Which of these things is really ger-
mane? Yes, we’re measuring a lot of things. But are they the right things? This led 
us to the broader discussion of how we could be getting more out of the data we 
had at hand.

Was this when you, let’s say, transitioned from the IT to the business side?

Transitioned. Defected. I suppose it depends on your perspective. But, yes, I was 
offered a position leading the advanced analytics team within the agency. Which 
took me from an IT-oriented position to a leadership role within the business. As 
well as moving from consulting into industry, if you will. 
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So this was an established analytics team? 

Yes. But the group was in a curious position – though, not an unusual one, I’ve 
learned. Years before, the agency invested in some high-powered statisticians to 
support fraud detection and perform population modeling and forecasting. Seems 
reasonable. However, the team was struggling to gain traction. 

What was the sticking point? 

On the one hand, the chief muckety muck, who was himself a very sharp guy and 
our primary client, was saying, “The analysts are really smart. But they aren’t help-
ing solve our fundamental problem. Which is to improve the hit rate of identified 
fraud cases sent to the investigators for confirmation. So, we’re working on it our-
selves.”

On the other hand, the lead researcher on the advanced analytics team was saying, 
“I don’t understand why they don’t understand. We can identify folks who are likely 
to commit fraud before it happens. Isn’t that better? They could take preemptive 
action and avoid having to hunt them down later. Why won’t they listen?”

So which group was harder to win over? 

Do I have to choose just one? 

Touché. How did you break the impasse with the business? 

With the business it was all about making the case with something tangible first. 
Yes, we had a method to identify potential fraudsters proactively. But we were an 
unproven entity. And taking action on that insight required fundamental changes 
to standing operational procedures, which were all focused on post-facto versus 
preventative action. 

So, the first step was to show how we could apply analytics against existing data to 
optimize existing collections processes. 

We started by applying traditional customer segmentation techniques, like those 
used by retailers, to identify potential nonpayers and the optimal method for col-
lection. In other words, determining when, why and how to contact delinquent 
taxpayers based on their likelihood to pay. Not earth-shattering. Nor particularly 
innovative, perhaps. But those initial projects resulted in a five percent increase in 
revenues collected while simultaneously reducing operational costs. Money we 
were spending on mailings, outbound calling, and so on.

Understanding Self-Service:  
SEVEN STEPS FOR SUCCESS

1. Determine How and Why Information Will be Used. 
Segment consumers based on their information needs and usage 

patterns. What decisions do they need to make? How and when will BI/

analytics outputs be used?

2. Define What Self-Service Means. Self-service is in the eye of the 

beholder. Executives and data scientists both want the data. How they 

expect to receive it and what happens next is a vastly different matter.

3. Identify Enabling Solutions. Data visualization or data mining? 

Hint: It’s not either/or. A robust self-service environment is an 

ecosystem. One that delivers a range of capabilities to a diverse 

spectrum of users.

4. Differentiate Service Levels and Support. Creating a mobile 

dashboard is different than provisioning an analytics sandbox. Applying 

a unilateral process and service level agreements (SLA) is a sure way to 

fail.

5. Govern Data Based on Content and Context. Data policies 

must account for both the content of the data and the context of 

use. This will enable different uses – from analytic discovery to public 

reporting – without compromising security and privacy.

6. Assess Maturity Levels. Self-sufficiency is relative. A veteran analyst 

may be interested in periodic meetings of equally seasoned minds. A 

new analyst may want – and need – more support. Resourcing decisions 

must account for these variants.

7. Develop Targeted Training and Communication. Do your users 

need updated operating procedures or deep technical training on 

stochastic analytic methods? Your change management plan needs to 

be specific to the task (and user) at hand.
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With that under our belt, our sponsors were willing to engage in more advanced 
optimization projects. And to experiment with nontraditional data sources. Such 
as analyzing whether integrating disparate data sources such as electric bills, 
medical utilization and even social media analysis could improve our ability to 
identify individual tax evaders and fraud rings. Which it did. 

And the statisticians?

I wore them down. [Chuckles.] 

Is that another way of saying it is good to be the boss? 

No, no. All kidding aside, the analytics team was very passionate and highly 
motivated to deliver value. But they were demoralized from having their work 
preemptively dismissed or shelved. Given their pedigrees it was easy to see why 
they felt we were ignoring the meat in favor of operational gristle. Getting them 
to focus initially on some smaller wins was a big win in and of itself. 

We did this by focusing on measurable outcomes, rather than innovation for inno-
vation’s sake. By doing so, we proved the value of analytics in a context the execu-
tives cared about. And cultivated a number of internal champions and advocates 
to boot. 

As a result, our analytic practice began to grow. We were then able to move our 
sights from those high-volume, low-loss scenarios to the harder to find, higher 
value scenarios involving low-volume, high-loss and very sophisticated fraudsters.

All that being said, if an organization is ready and willing to take a bigger leap, 
they should, by all means, do so. But the wheels of change move slowly in the 
public sector. So we’re very much targeted and “strategically opportunistic” about 
the projects we tackle. And that tactic has worked. 

What is it that differentiates a data scientist from anyone else? 

In my DW days, we joked that the best data modelers were a different breed. I’ve 
found the same adage applies to statisticians or “data scientists.” They think and 
look at the world differently. Which is their value. But it can be a challenge when 
making analytics palatable to the organization at large. Especially when the meth-
ods and language a data scientist uses – Bayesian this, correlation that – is foreign 
to most everyone else.

I’ve also found that data scientists tend to be out-of-the-box thinkers. But busi-
nesses in general, and the public sector in particular, tend to change slowly. The 
fact that new ideas take time to root is particularly frustrating for this group. Which 
they have in common with executives like myself, I suppose. 
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COMMUNICATION

CURIOSITY
COLLABORATION

STORYTELLING

PROBLEM
SOLVING

SUBJECT
MATTER
EXPERTISE

DATA &
TECHNICAL
SKILL

MATH & 
STATISTICS
KNOWLEDGE

CREATIVITY

Data and Technology  
(aka data management)  
Technical and data expertise to 
manipulate and understand data (in all 
its forms) and create the requisite data 
environments. 

Mathematics and Statistics 
The science in data analytics. This 
provides both the methods and the 
know-how for data experimentation and 
discovery. 

Business Expertise  
Context to identify what matters and 
the ability to ask the right questions 
and determine not only what could, but 
should, be done. 

Soft Skills  
The ability to clearly communicate and 
tell a story that will transform a morass 
of data and numbers into a compelling 
business imperative.

the perfect DATA SCIENTIST
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Do
•  Align data policies with context of use.

•  Start with a clear hypothesis or problem space 
definition.

• Make exploration a team activity.

• Time box your experiments.

• Apply defined evaluation (go/no go) criterion.

•  Have a formal process for putting insight into 
“production.”

Do Not
• Prescribe the “right” outcome.

• Explore for the sake of exploring.

• Make data quality a prerequisite.

• Confuse the sandbox with production.

• Grant unfettered access. 

• Be afraid to start over.

ANALYTICS SANDBOX
Principles of an EffectiveIs a good data scientist really that hard to find? 

Absolutely. In our experience, a good data scientist is hard to find. But finding 
a business person who can or is willing to communicate with them can be even 
harder. Harder still? Putting found insights into practice. 

How do you overcome the skill gap?

As we’ve taken on more advanced projects, we’ve recognized the need to prog-
ress from analytics being shouldered by a few highly skilled people to analytics as 
a team sport. Yes, data science requires specialized and dedicated skills. And we 
continue to invest in and seek out resources trained in stats and math. But we’re 
also looking to raise the engagement and analytic IQ of the organization at large. 
On both the business and technology sides of the house. 

Analytics as a team sport implies close and ongoing collaboration. How do you 
bring all the various constituents to the table? 

We took a page from agile methodologies and created an analytics lab. In the 
lab, business consumers work side by side with analytic and data experts from 
knowledge discovery through to model validation and business process re-en-
gineering. And rather than asking users to define requirements upfront (and on 
paper), the teams sit together and do some initial down-and-dirty exploration in 
allocated analytic sandboxes. The process is the equivalent, I suppose, to a white-
board brainstorming session for strategic planning. Throw ideas up; see what 
sticks.

I’ve heard the term “sandbox” before. But can you explain what that means in the 
context of analytics?

Our definition is: a space to play with new or untested data securely. It’s an amal-
gamation of the traditional (a shallow box partly filled with sand for children to 
play in) and computing (a virtual space in which new or untested software can be 
run securely) definitions. 

The key words here are play and securely. Project teams have a relatively free 
hand within the context of the sandbox. They can manipulate, mix and match the 
data to their heart’s content. What they can’t do, however, is publish the data or 
found insights without going through a structured certification process. In this 
way, we limit the effort we spend upfront cleansing data we may not use. But with-
out losing sight of the need to ensure published information is fit for public con-
sumption. And to control access and privacy. 

You mentioned unfettered exploration along with the need for a structured certifi-
cation process. How do you reconcile what seem to be opposing forces? 

In the age of agile everything the idea of a disciplined process seems contrarian. 
But my experience with agile methodologies is that agility comes through rigor. 

Portrait  of  a CAO  |  A Sas Best  Pract ices e-book



13Portrait  of  a CAO  |  a  SAS Best  Pract ices e-book

Ultimately, our goal is to quickly identify whether an analytics project will result in 
a measurable action or outcome. And if not, to fail fast so we can move onto the 
next. Meeting this objective requires applying a method to the madness. Other-
wise, the exploration process can drag on ad infinitum without any results. Or, you 
spend an inordinate amount of time cleansing and integrating the data, arguing 
about definitions and fine-tuning the model. Just to have the model end up on the 
shelf, gathering metaphysical dust. 

So how do you avoid going down the discovery rabbit hole? 

We have a staged approach for transitioning from initial exploration to putting 
what we’ve learned into practice. Using this process we’ve had some quick wins 
and some quick fails. [ See Page 14, “The Analytic Business Process.” ]

How does the business view the concept of failing fast? 

Having the business right there in the sandbox with the analysts has been invalu-
able. We really let them drive the discussion regarding the implications and utility 
of our findings. This has improved both the visibility and the perception of our 
projects. Even when the final answer was “no go.” The other advantage? Our data 
scientists are becoming more business-savvy and vice versa.

A Brave New World
Clearly the team has built a successful track record. What was the impetus for 
broadening your scope to a statewide, rather than an agency focus? 

At a gross level our concerns are similar to those in the private sector: gaining a 
complete understanding of our citizens, service innovation, operational excel-
lence and cost control. 

But in order to optimize our service and engagement models, we need to under-
stand how our constituent base is changing over time. And not just within the 
context of a single agency or interaction. 

Juvenile services is a good example. We have separate agencies responsible for 
education, welfare, child protection and foster care, and juvenile delinquency. A 
child, or their guardian, can feel like a pinball careening from place to place in the 
machine. And despite our best intentions, they often find themselves bouncing 
back and forth or falling in the cracks between services. 

We can use analytics to understand and predict the life cycle of a child through-
out the system. And identify how actions in one area affect behavior or cause the 
need for intervention in another. This insight can inform how, and when, services 
are delivered both within and between agencies. But this can only be accom-
plished by integrating and analyzing data from all of the affected agencies. 

That same theme applies to many, if not most, of our strategic initiatives. From the 
citizen portal, to various fraud initiatives, citizen outreach and enablement, pop-
ulation forecasting and service planning. Analytics plays a key role in every one. 
More importantly, none of these initiatives are limited to the confines of a single 
agency or department.

Is transparency and accountability also a concern?

Absolutely. We’re very much under the gun to not only show results, but to 
be completely transparent and accountable regarding how the results were 
achieved. Between increased scrutiny from internal regulators and the public 
alike, the inefficiencies inherent in our siloed operating and data infrastructures, 
and the push for open data, we’re feeling the heat. 

Lessons That Stuck

•  The right question is a prerequisite 
for the right answer.

•  A data scientist alone does not an 
intelligence enterprise make.

• The best data scientist is a team.

• Insight without action is moot.
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Initiate – The problem space or 
hypothesis is defined.

Appraise – Unfettered, rapid 
discovery is the name of the game. 
Data sources may be new or raw. 
Initial findings are evaluated for 
probable utility and value. 

 Confirm – If probable value was 
found, a more detailed vetting 
of the data and rigorous model 
development begins. A final go/no 
go decision is then made. Findings 
interesting but not executable? 
The work stops here. Else, a “go to 
market” plan is created.

Develop – Required changes 
to business processes, standard 
operating procedures and 
applications are developed. Data 
cleansing and certification, model 
hardening and deployment of new 
analytic solutions may also occur.

Implement and Optimize – 
Insight is put into action. Business 
outcomes are monitored to ensure 
expected ROI and results are 
achieved. Business practices, and 
analytic models, are continuously 
refined accordingly.

the ANALYTIC business process

Struggling to balance the need for unfettered analytic exploration with the need for 
results? This iterative, incremental approach to analytic development incorporates clear 
business decision points, not just gates for analytic model development. 

The result? An environment that promotes value-generating insight without stifling 
experimentation and free thinking.

IDENTIFY /
FORMULATE

PROBLEM

DATA
PREPARATION

DATA
EXPLORATION

TRANSFORM
& SELECT

BUILD
MODEL

VALIDATE
MODEL

DEPLOY
MODEL

EVALUATE /
MONITOR
RESULTS

ANALYTIC BUSINESS PROCESS

ANALYTIC MODEL LIFECYCLE

business 
hypothesis

or problem space

probable business
value & utility

• go/no go
• “go to market” 
    strategy

• update policies & SOP
• business process 
   & application integration

• monitor business 
   outcomes
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You bring up an interesting trend: open data. Can you tell us more? 

Our open data initiative is in its initial stages. We have already begun exposing key 
performance metrics, financial and operational statistics across agencies. As well 
as publishing data from areas such as weather and transportation (traffic statistics, 
public transit schedules and status). We’ve even sponsored some hack-a-thons. 
They have resulted in the development of some fantastic third-party mobile appli-
cations that individuals can use, for example, in planning their daily commutes and 
travel. There is a great quid pro quo here: seeing how the information is being 
used provides better insight into what services are most beneficial to our citizens. 

So what’s next on your open data road map? 

Moving forward, the goal is twofold. First, to provide indi-
vidual citizens with data that allows them to better under-
stand and utilize the services and programs available to 
them. This initiative is closely tied to work on our online 
citizen portal. Our objective is to streamline the time and 
effort required to interact with the government, whether it 
be renewing your auto registration, collecting benefits or 
applying for a business permit. 

We also see the potential of open data to spur investment 
in civic startups and business development. Both chari-
table and for-profit. Exposing data on population trends, 
service utilization, and so on allows third parties to iden-
tify and respond to emerging business opportunities and 
gaps. 

Long-term, this can only strengthen our collective ability 
to provide the right mix of public and private services to 
our citizens.

Can you provide examples of open data sets and how they might be used? 

Open data sets might include the census and non-census-based data such as for-
eign and domestic trade statistics and economic surveys. Mashing up and analyz-
ing this data against both geographic and population characteristics can provide 
insight on emerging business opportunities and markets, as well as gaps in exist-
ing public services. Which, with any luck, allows both nonprofit and revenue-based 
entrepreneurs to jump into action. And, of course, informs our own budget and 
operating strategies. 

In areas such as healthcare, the availability of credible data on outcomes, cost and 
quality is also increasingly critical. Access to such information will have a significant 
impact on decision making across the spectrum, from selecting an individual pro-
vider to informing policy decisions and defining approaches for proactive diseases 
management.

Has the open data discussion heightened concerns over data privacy and  
appropriate use? 

Absolutely. Stated simply, we have an ongoing responsibility to balance the indi-
vidual’s right to privacy with the public’s right to know. And the answer isn’t black 
and white. Even providing anonymized data isn’t foolproof. There are instances 
where anonymized data in combination with other data sources could result in 
the identification of specific individuals or groups. For example, when releasing 
data on a disease that affects a very small, or targeted, population. This is some-
times referred to as the mosaic effect. Of course, as recent stories regarding Net-
flix’s data demonstrate, this issue is not limited to the public sector. In any case, 
we are acutely aware of the risk, although the right answers are not yet clear.

Will these types of concerns impede the open data move-
ment? 

I anticipate an energetic debate. But the train is out of the 
station. Especially when you consider that analysts such 
as McKinsey have projected that insights and cost savings 
derived from open data could result in over $3 trillion of 
economic value. Of course, the more data and insight is 
shared, the more companies and civic startups and entre-
preneurs depend on it. And the greater our responsibility 
as a data provider becomes.

What about trends such as social and mobile? 

With social and mobile platforms, the opportunity is two-
fold. 

First, they provide rich new sources of data. Social media, 
for example, allows us to not only understand citizen 

sentiment and behaviors but to also identify relationships and networks that exist 
within the population. And mobile platforms allow a level of locational, on-the-
spot intelligence that has not existed before.

They also provide a platform for us to have more immediate, targeted and rele-
vant conversations with our constituents.

Of course, analytics is the linchpin that turns all this data into tangible, tactical 
intelligence.

Analytics is the lynchpin 
that turns all this data 
into tangible, tactical 

intelligence.
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Can you quantify other benefits of this type of program? 

Amongst other things, if we use our data appropriately we will be able to:

•  Gain a comprehensive understanding of how our services and benefits are 
being utilized. 

•  Appropriately predict and plan for changing service requirements and 
needs.

• Calculate and predict our cost to serve.

• Improve citizen and community outreach and outcomes.

• Increase citizen satisfaction.

That said, the wheels of change move slowly in the public sector. And the best 
analytics and data infrastructure doesn’t do much if you don’t have the capability to 
put insights into action. Which ultimately is what led to the creation of my new role. 

Analytics Comes of Age: 
The CAO

Yes, congratulations! Now, what is the role of the CAO anyway? 

As I see it, the role of the Chief Analytics Officer is about advocating, promoting 
and driving the analytic agenda. And to make the case to ensure that skill sets 
and behaviors required to put analytics in action are accounted for. Which is all a 
fancy way of saying that the bulk of my time is spent on strategic development and 
change management. Ensuring there is consistent communication, expectation 
management, education and enlistment. 

What’s the biggest challenge? 

The education component isn’t easy. As someone who has worked in the field for 
so many years there is a tendency to believe everyone understands BI and analyt-
ics and how they can be applied. That’s just not true. There is an amazing learning 
curve. 

That said, what has been the response to your new role? 

Anticipation. [Pauses.] And some trepidation, probably in equal measure. The fact 
that we’ve created a new role signals our commitment to analytics as part of our 
core operating model. But it is also, by definition, a harbinger of change. And even 
though working in the public sector means we’re subject to frequently shifting 
political tides, we’re not as nimble or flexible as one might think. Although, in truth, 
that sense of instability may be why our processes are often so rigid. But that’s a 
conversation for another day.

Can you provide some examples of how this is being applied? 

The applications are almost unlimited. Today, for example, we’ve begun using 
text and social media analytics to quickly process the large volumes of structured 
and unstructured text we gather on various governmental websites, in our call 
centers and social media channels. We’re using this data to rapidly identify and 
react to emerging public hazards or issues. 

Tactical applications include everything from monitoring the condition and use of 
public parks to forecasting and localizing emerging criminal hot spots to assess-
ing and deploying resources when a natural disaster, such as a tornado or an 
earthquake, occurs. In real time.

By augmenting our forecasting with text analytics and visualization techniques, 
we’ve been able to reduce misdemeanors and violent crimes in pilot areas by 
20-30 percent, without increasing the size of the police force. And – circling back 
to the open data conversation – publishing the information allows community 
groups to participate in the solution as well. 

Within social services, we’ve incorporated social network analysis to better iden-
tify individual fraudsters as well as collusive fraud rings. Examples of fraud include 
false employment claims by nonexistent workers, falsified work schedules, or 
parents falsely declaring their children are in nonexistent child care. Our bottom 
line? Just under $10 million in savings and efficiencies in resolving fraud cases.    

You’re also spoken about the need for the government to take a page from the 
public sector when it comes to citizen engagement. Is that still a hot button for 
you? 

Absolutely. Citizens should expect that we know who they are, and that we’ll 
adjust our interactions with them according to their behaviors, preferences and 
the services they want or require. No different than Amazon, their bank or any 
other retailer out there. It’s a high bar, and we’re falling short today. Which ticks 
our constituents off and, frankly, costs us in terms of time and money.  I see ana-
lytics playing a big role in enabling this capability. 

Do other states have similar analytic agendas?

Yes. NYC’s Center for Innovation through Data Intelligence is a great example. 
They have piloted some fascinating studies on cross-agency service utilization. 
They are trying to understand, for example, how incidents and encounters in one 
agency (such as Children’s Services) may predict or precipitate events in another 
agency or department (Juvenile Corrections). This type of analytics will identify 
high-risk or high-priority individuals. The resulting insight will also inform how, 
and even when, services and interventions take place. It’s not overstating the case 
to say this could and should have fundamental ramifications on how our agencies 
operate. Particularly in terms of the structure and level of integration between 
adjunct functions and processes.
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Is your lack of statistics background and formal training a concern? 

I don’t think so. Would it be nice? Absolutely. But again, I believe my primary role 
as CAO is to be an advocate and change agent. I’m conversant enough with the 
science to be, well, conversant. And savvy enough to know what I don’t know. 

To that end, we’ve been smart and fortunate enough to hire some key deputies 
with both deep analytic experience and the ability to translate analytic-speak into 
plain English. They also do a great job of working with various teams to ensure 
that various analytic approaches and methods are being applied correctly. In fact 
it’s part of their job description.

I understand you have reinstituted an advanced analytics team? What was the  
rationale? 

Consider the scope of our organization: over 15 independent – yet interdepen-
dent – agencies. Each with a multitude of departments. And this doesn’t account 
for our various partners, public and private. 

It’s hubris to believe we can operate as a one-stop shop and adequately serve 
this many audiences effectively. Or that their needs will be the same. Particularly 
at the operational level. A lesson I learned well during my initial stint managing an 
enterprise BI team.

That said, we do have an incredible amount of overhead, duplication and wasted 
effort. Sharing a single data set between three agencies requires three separate 
usage agreements. Four agencies? Five agreements. For exactly the same data 
set. And of course we aren’t just dealing with one data set. Or just three or four 
agencies, but over 15. You can do the math from there. And we haven’t even 
started talking about all the different mechanisms for exchanging this data. Or all 
the different ways this data is being used, which is my primary focus. 

So why a centralized team? 

I think it’s more accurate to say we’re taking a hybrid approach. For us, the hybrid 
model provides the best of both worlds. The centralized team, which we call the 
Analytic Insight Center, provides strategic oversight and serves as an analytic 
think tank, of sorts. The embedded analytic teams provide business context and 
the ability to influence change and drive adoption at the business process level.

What were the key criteria when deciding where the insight center would live? 

Neutrality, strategic reach, cross-agency credibility and influence. 

benefits of the HYBRID MODEL

•  Scalability – Allows analytics teams to 
grow vertically and horizontally within the 
organization.  

•  Flexibility – Meets different groups where 
they are at. Provides services that align with 
each group’s maturity and readiness.  

•  Grounding – Avoids “ivory tower” 
syndrome by tying analytic projects to 
published strategies and initiatives.  

•  Balance – Balances strategic versus tactical 
agendas. 

•  Reusability – Discourages duplication.  

•  Collaboration – Encourages cross-
functional usage and collaboration.
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What’s the most important factor or benefit to having a team outside of a specific 
agency or department?

The CTO of Yammer has been quoted as saying that having the analytic team live 
outside of functional boundaries was critical to ensure teams were not unduly influ-
enced to give the right answers – that is, the desired answer. But, rather, to focus on 
accurate answers. That’s an astute observation that stuck with me. 

The degree of separation between the Analytic Insight Center and in-house agency 
and departmental resources encourages members to challenge existing para-
digms. The model creates a positive tension. It balances the inside-out perspective 
of embedded teams with the outside in views of the centralized team. 

What is your advice on how to engage and enable those embedded teams? 

We need to give our users more credit. While we talk about enablement ad nau-
sea, there is a natural tendency to want to control the availability, access and use 
of data. And to believe that possession is nine-tenths of the law. Or in other words, 
that he who stockpiles the data has more control over it. But we have learned the 
hard way – this approach only encourages bad behaviors like data hoarding and 
off-the-grid usage.

So nowadays, rather than delivering widgets and overly manicured data sets we 
are focused on delivering capabilities. Long gone are the days of a single enter-
prise BI platform and incremental delivery of pre-packaged reports, dashboards, 
etc. It’s a subtle yet fundamental change in perspective. This, along with better data 
governance, will allow us to make information available while ensuring appropriate 
controls are in place for security and privacy. 

Obviously this affects what you deliver in terms of solutions and tools. 

Absolutely. The BI and analytic ecosystem is becoming more, not less complicated. 
Yes, data platforms such as Hadoop make it both possible and practical to cap-
ture data regardless of its format. And capabilities such as visual analytic tools and 
mobile deployment make information both more accessible and intuitive to use. 
But like anything else they have to be deployed deliberately. 

So where does IT fit into the equation? 

There are certainly examples of companies that have been and continue to be 
successful with IT-led analytic initiatives. But based on what I’ve seen, those tend 
to be more R&D or technology-driven organizations. In our case, we’ve found that 
business-led analytics projects gain more traction. 

With that said, IT is still crucial. Historically their role – even within the context of 
BI – was to build and run the “system.” Today, our analytic teams depend on IT to 

deliver appropriate data-rich environments and the tools required to access and 
utilize them. So when I talk with my technology counter-parts, the focus is not on 
development, per se, but on integration and enablement. 

Does that mean IT is now in a support versus a lead role? 

That sounds deceptively passive. As a former IT practitioner I can attest to the fact 
that transforming existing data management practices and data architectures is 
no small task. But it is absolutely required to be able to respond to the avalanche 
of new requests coming our way. Not to mention incorporating those so-called 
big data sources. 

In our case, we’ve created an Enterprise Information Management (EIM) team 
specifically to focus on this. The EIM team’s mandate is to enable a more seam-
less and effective environment for data sharing among our various agencies and 
departments. In support of our new “share first” mentality, we also have a Chief 
Data Officer to whom the EIM reports.

So, in your experience, is analytics or data management a harder nut to crack?

Great question. I’m not sure you can disassociate the two. In fact, I consider them 
two sides of the same coin. An inability to access or understand the tangled web 
of data we’ve created over the years is cited as a primary barrier to data-driven 
decision making. A lack of trust or confidence in the data is a close runner-up. 

On the flipside, perfect data does not in and of itself create an environment 
where data-driven decision making prevails. Like data management, analytics – 
which is how you put data into action – requires those specialized skills and pro-
cesses we were discussing earlier. 

You’re on record stating that partnership is key. What does that mean? 

Analytic delivery is becoming increasingly collaborative. Traditionally, the conver-
sation about getting the business and IT to work together has emphasized the 
need for alignment. But I don’t believe this goes far enough. A true partnership 
means shared accountability for results. So, for example, if we are looking at a 
project on citizen outreach, the CIO, the deputy director or business sponsor and 
I should be measured on the same outcomes. Not citizen satisfaction for the dep-
uty director, model accuracy for me, and on-time system deployment for the CIO. 



20Portrait  of  a CAO  |  a  SAS Best  Pract ices e-book

The Challenge Ahead

So you’ve got the job. And have put some of the foundational pieces in place. 
What’s next? 

It’s not Disneyland, that’s for sure. Although some days it can feel a little like that. 
In all seriousness, however, we have three high-level objectives: 

• Raise the analytic IQ and data fluency of the organization at large.

• Cultivate a data-driven culture (aka minding the gap).

• Instantiate analytics as a core business competency.

All of which has to result in delivery of new business capabilities and value. With-
out that, the exercise is moot. 

What do you mean by “minding the gap”?

We need to address the cultural divide between fact-based and gut-feel or expe-
riential decision making. And yes, this sounds a bit soft and squishy or even a little 
highbrow. But when you cut through the noise, culture comes down to behavior. 
More specifically the attitudes and beliefs that inform how we behave – as indi-
viduals, as organizations, as groups. And how the organization behaves, in turn, 
informs our culture. 

But of course, how the organization functions has been built up over time. Our 
employees, elected and otherwise, have very, shall we say, well-defined views and 
beliefs regarding how the government does and doesn’t, should or shouldn’t, 
operate. And these behaviors and attitudes are deep rooted and persist even in 
the face of overwhelming evidence to the contrary. 

So it’s not enough to just throw insightful data at the decision makers. Or even 
our citizens for that matter. If they aren’t ready, willing and able to consume it, 
well…

Is this why you emphasize the need to develop decision making skills, not just 
analytic competency? 

Yes. And it’s not that we aren’t making business decisions today. We are. In some 
cases we even use data to support them. But very often, we are asking the ques-
tion that gives us the answer we want. Rather than asking the right questions, 
accepting the answer for better or worse, and going where the data leads. 

I was talking with the CEO of a UK retailer recognized for their analytic culture 
and strategy. And one of the things he observed early on was an instinctive ten-
dency to curate BI and analytic results over and over in favor of the prevailing 
view: how the leadership wanted to be seen. To make the shift, he argued that 
organizations must rethink what leadership means. And how decisions are made. 

Being data-driven requires a different mindset. And a different process. And that 
change starts at the top.

What do you find to be the biggest, or perhaps most unexpected, challenge? 

We are particularly sensitive to the fact that our findings and conclusions are often 
existing processes or practices. And that the decision makers we’re talking to may 
have been the ones who created those practices.

So, how you approach the conversation is critical. Because as a responsible indi-
vidual you naturally feel protective of your baby. Even if it’s crying, red-faced and 
throwing a tantrum. Or it has outgrown the rules and restrictions previously put in 
place. It’s a dilemma every parent can attest to. 

Lessons That Stuck

•  Trust is a two-way street. Trust your 
users, and they will trust you.

• Partner, don’t align.

•  Enable, don’t eradicate “shadow” 
analytics teams.

• Big or small, the data is still hard.

• Deliver capabilities, not solutions.
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So is the word “fixing” and others like it verboten? 

The word “fixing” has a fundamentally negative connotation. It means something 
is broken. To avoid the instinctive denial, you have to shift the conversation. We’re 
not saying, “here’s why what you’re doing is wrong.” Instead we’re focused on 
“here’s what we need to do next.” Because the legislative and regulatory land-
scape is changing. Because those we serve – in this case our customers are our 
constituents – expect more. And so on. 

It’s a valuable lesson: If we change our angle from “what do we need to fix?” to 
“what do you want to improve?” and “how can we help you move the needle?” 
the business will engage. Especially if the projected outcome aligns with their 
objectives.

Given all the demands on the team, is it hard to stay focused? 

Focus is critical. Thomas Edison once said, “I never perfected an invention that I 
did not think about in terms of the service it might give others. I find out what the 
world needs, then I proceed to invent.” This has become my mantra.

Yes, we want to deliver innovative solutions. But we also need to make sure we’re 
solving real problems. To that end we identify three to five core strategies that we 
focus our analytic agenda on each year. Any and all new requests must align with 
those objectives. Or we don’t do them.

Great advice. One last question: 20 years in, are you still excited to come to work 
each day? 

Absolutely. We’ve only just begun to scratch the surface of what we can do with 
our data. We’re light years behind industries such as retail and finance in terms 
of having a comprehensive understanding of our customers. Never mind using 
analytics to optimize the services we provide.

And of course, the technology and our constituents continue to develop and 
change as well. 

If we do this right, we will use analytics to change or influence behavior – our own 
and that of the public. Which will mean the patterns we used to create the model 
will have changed. Which creates new opportunities and challenges. It’s a never 
ending cycle; there is always something new. 

The day I’m bored is the day I’ve stopped paying attention and need to retire.
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